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« We use ground-based AOD retrievals from AERONET, and satellite based AOD retrievals from the
MODIS instrument (based on the deep blue algorithm) to evaluate simulated dust AOD. For

measurements, AOD at 550 nm and the angstrom exponent between 412 and 470 nm were used to

« With the SMOKE system, we can separate the emissions from agriculture activities apart from _ i _
estimate the dust contribution to AOD (Ginoux et al. 2010).
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« By implementing the dust emissions estimated by SMOKE, we found improve agreement _
between GEOS-Chem and the EPA monitoring data.

* However, the national mean PM__,. is still 60% lower than the observations. Regional bias can « GEOS-Chem adjoint can help investigate the spatial distribution of the emission bias.
be as large as 80% (the Washinton-ldaho region). « Other sources of dust AOD, e.g. from the Infrared Atmospheric Sounder Interferometer (IASI) could

. We use the EPA Sparse Matrix Operator help probe the uncertainty in dust AOD algorithms.
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